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Even if consumers know what they wart, they are often
unable to select the product option that promises the
highest expected utility, simply because their individual
preduct conceptualization is incompatible with the
proeduct-centred “language’ the provider is employing.
Ore consequence of this confusion is a cautious buying
behaviour most promirent in industries such as toursm,
financial services or telecommunications. This paper
presents a conceptual framewerk and a pragmatic
implementation of an online matching algorithm based on
an efficient self-correcting customer prefiling technique
that is empirically superior to many other approaches.
The essence of the algorithm is that matching per

se does not rely on a complex and industry-specific
matching equation, but builds cn a rather simple
feedback loop of customer profile, selected offer and
resulting satisfaction that can be easily fransferred to
rmary cther industries where the product variety and/
or complexity goes beyond the customer's cognitive
capacity. In those cases, the customers are often
urable to correlate the formal product features that are
advertized by the provider with his individual needs that
shall be satisfied with the offer.

BASICS AND OBJECTIVES OF CUSTOMER
SEGMENTATION

Segmenting customers involves identifying homogene-
ous groups from the totality of (potential) customers
and treating them in accordance with their needs

and customer value. The general objective is fo more
profitably address and take care of customers over
the long term, for example by reducing the time and
maoney expended on marketing, sales or service as

well a5 losses due to non-selective advertising.

In order to do this, segmentations must fulfll two key
prerequisites: firstly, they rust identify variables that
define to what segment a specific customer belongs
to (="classification”). Secondly, these segmenis must
have practical implications regarding what specific
kind of marketing mix is most attractive to a certain
customer segment (="translation”].

Customers can be segmented in along a wide variety of
dimensicns (for instance, customer value, sociodemo-
graphics, psychographics, or gecgraphyl. There is no
“correct” segmentation solution. In practice, however,
the various solutions definitely differ in terms of how
useful they are. The easier the classification variables
can be measured and the clearer the practical impli-
cations that can be derived from the fact that a certain
custorner belongs to a specific segment, the better
the segmentation. In fact, the key empirical basis of
rmeaningful segmentation solutions is that there has o
be a relable lnk between the classification (independent
variable) and the measures to be deduced from it
{depandent variable), since purely circular segrmentations
("We'll best reach customers whao listen to the radio a
Iot (=classification) via radic advertising (=translaticn into
measures)”) are just as meaningless as non-differen-
tiating measures ("Customers in every segment read
the same newspapers - sowe'll reach every segment
equally wel by using an advert in a specific rewspaper’)

CLASSIC SEGMENTATION PROCEDURES AND
THEIR LIMITATIONS

On the basis of customer data that is gathered ad
hoo and/or already available within the company data
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warehouse, segmentation sclutions are developed via
a sequence of multivariate analyses that build on one
ancther and are to some extent carried out iteratively,
and they are optimized to meet the above-mentioned
criteria.

Maturally there are some inherent statistical issues,
such as the just-mentioned simultaneocus optimization
of two independent criteria (unambigucus classification
and segment specific ranslation), for which there is
yet no seamless standard procedure. Besides that,
there are some additional difficulties that are just as
typical, but unlike the optimization problem, they can
be avoided:

1. Process validify: segmentations are normally developed
on the basis of data sets containing histonical data about
customners and their buying behavior. These data sets
are frequently supplermerted with primary surveys
concerning needs, buying motivation or other psycho-
graphic characteristics. The data set that emerges from
that combination is then evaluated ahistorically, i.e. the
neads and reasons for buying as collected through
the supplementing primary surveys are interpreted
as the basis of the buying behavior that has already
been previcusly recorded within the company's data
warehouse. Because the chronological context of
consurner behavior is ilustrated and analysed in reverse
order, it is impossible to use this as a basis for conclu-
sions about cause and effect.

2. Inflexible classification: concomitant with ignorance
of the actual process sequence, classic approaches fo
segmentation are also static nasmuch as if the classi-
ficaticn variables once assigned customers fo a specific
segment, they finally belong to this segment “forever”
Any atteration to the allocation, for example as a result of
changing life circumstances or needs, is tied to a fresh
gathering of data or new classification, and this only
rarely happens in reality. The changes the customer
undergees thus often remain of no significance in terms
of segment allocation, or only have an effect after a
considerable time delay.

3. Inflexsble transiafion: it is not only the classification
of a customer as belonging to a segment that is static
and based on historical data; the translation of segrment
mermbership into concrete measures that can be
deduced from this is also inflexible. For example, it is
impossible to take account of systematic changes in
product preferences - which are particularly important
in wery complex or rapidly changing markets. Once a
custorner has been assigned to a specific segment,
they are inflexibly associated with certain products or
services they used to prefer in the past.

Hence, classic segmentations are usually not learning
systemns. They refer to the past, and possess only minor
flexibility with regard to classification and translation of
segments info concrete measures. The following case

study of a dynamic matching and segmentation algonthm
15 intended to demenstrate that this does not necessarily

have fo be so.

Inthis case study, the inherent flexibility of the dynamic
and needs-based segmentation alows it to be deployed
i a hitherto most unusual context, namely as the basis
for a travel search engine that matches custormer need
profiles with specific offers. The special thing about

it is that segrentation on the basis of a specific need
profile neither rests on historical data or sable segment
allocations, nor is the translktion of segment membership
inorder to recornmend a specific offer static; instead, it
is based upon a learning feedback loop involving need
segment, offer profile, and the satisfaction resuting
from matching both.

CASE STUDY ON VALUE ADDED MATCHING
AND DYNAMIC SEGMENTATION: HOW LTUR
ARRIVED AT M.O.E.5.

Objective

Travel is a product that is highly charged in terms of
people's emotions. For many of thern, their vacation
is the highlight of the year, and for a long while they
look forward to it with mounting exciternent. At the
same time, it is utterly impossible form a customer's
perspective to gain an overview of the vast variety of
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